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Regression worsens, and Auto ETS remains the most stable across both.

« Automated vs. Manual Models: Manual ETS and Manual SARIMA show
the highest errors, highlighting the superiority of automated models in en-
suring accuracy and stability for time series forecasting.
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« Auto ETS: Automatic Exponential Smoothing with additive trend (y; = [+ + f “ Table 1: Error Metrics
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« Spatiotemporal variation in demand underscores the need to account for
time, location, and contextual factors in operational planning.
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 Accurate forecasting enables more efficient fleet allocation, reducing idle

« Auto SARIMA: Automatic selection of Seasonal ARIMA (SARIMA(p, d, q) X capacity and improving service responsiveness during peak periods.

(P, D, Q)m) with a 7-day cycle (m = 7), parameters optimized automatically.

« Manual SARIMA: Manually defined SARIMA model with non-seasonal order
(1,1, 1) and seasonal order (1, 1, 1, 7), capturing weekly patterns.
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